BEHFEWE 2025 F56 1 PR 231 D

M = Hp 32 ChatGPT J& A b ML it 2 -

B AT MR E E ARG i

S

Yo

RE AXLBEHXE ChatGPT EHRAE L LB wZOFE AR EOF ML LY
4935 LI MR L og R HL, kit T 51 B A . ChatGPT FILA X B & F 4 A 5] K 4k R 4L 2 M35 5
8 & L7 e A R — A R & L6 AL #E 7 L K I, ChatGPT & 48 AR B L &) Fo —
R PEEMGEBTBRANEE, EREMZEGGEB T GEAILTF U EFC Ay asH
IR RALE—HRILRE, dit, LFIE,ChatGPT 5 2 KA A 4L 4 52 5 & 49
FEETREL ERARALERGEREOTERAOIGREAFLEZEL, RE. LFRZ ,EE
FT AKX T B A U0 IR0 AT A AT Al A S A IR 00 T AR

KB AR LA E R B E G ;ChatGPT; 35 5 KA A ;& L #9355
HELGRIFEL ;LS E L

— I :ChatGPT % & KM% R T RIH B,

KFHGE , ChatGPT 5B K AIE 75 BRI GRS [l 58 35 oA~ 280, A8 i i v i 53 Fn 118 1)
A I H L 7E SuperGLUE 4§ H 2815 7 B K IEEME (benchmark) IR R B ik, RNid . &
A2 3 3 A BT s T — A A3 ke A ORI B A 0 T Y L 0 S AR IE T AR R OS5
SRR A B R R A NG BEYE B S B B R O M, R4
B N AE T A RE 0% B A A ORI S, IF ELRE S UE AT R U B (EE s R A
R RB N 4 TR F R LT IR A HCA AR (world modeD) o BEXTF i A
1 28 5 ol 0 B AR A (mental model) , T DLIF A 218 X, IF A B HAE 15 5 HLF A

4 Michael et al. (2022) ) —J 4, 76 A 2818 5 AL AL X N Z D70y 480 A, 072
B(51 %) W24 F A - 0 SRR AR A8 (0 B A 53 7 , I8 4 A 3k T SCAR I R 1 1 5 A R R g
IE AR A SRE T s H A SO —21 (49 YO I 24 MR [F] B X ROl s . A N SR L AT AN il &

TEE BN A B VLR R WA I ARt R b SCR U 3 BT R 2 A S B h B F S
R YFE R, R BV IIR I F M DUE R T 5 R DR Ak A S IR A TS A SOfE BAL
i, BB : yuanyl@ pku.edu.cn,

x AR SO BRI R YRR B WY 5 R R k4 (CPG2024 — 00005 — FAH) FlJS I BF 5% 3 4 (SRG2022 —
00011—FAH) L #5 7R S ) 535 i PhBR T 5 (I 5 20% 5 01 95 ) 40 48 30 10 B 22 oF R & R0 48 1E , 4 ok it
o

O 26 T8 5 L8 S B 100 B85 B L 18 L Levelt (1989) F1 Gazzaniga et al. (2009/2011:362—363),
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KA B A R ) 8 B R BN SRR B A T ARSI RN (Eliza effect) : 76 F B AL & J& B0 L
55 (925 NTE T BT A B IR G )L g 2 i) Tk e T B B AR, X — R AR
KR 154 T 5 2 81 (Joseph Weizenbaum) ££ 1960 418 A1 i W1 K ML % A “ 3757,
HA AR — OB, RS MR TR & 50, Z05 R B 5 8 T TAHAR & RE 2 A
13 H & A RO, (FEW Weizenbaum 19763 2 Ak 2021 ; Mitchell & Krakauer 2023)
Bender & Koller (2020)#§ t . Wi & 2# FiE B oF 18 5 & — At I UM SCREE X B9 75 5 44 %
MRS H 18 5 BRI A 2 gictls ROR I A sk & S0, AT X Aol s JF A 4
181 5 KR L 1 55 B T A ] ) i 2R, € 40 b A 70 0 b i B T ] o R o 4 R Y o s ) b R
A AR T 22 8] R T SCBE B35 10 L B 4 8 A A8 b i 22 Sk 1 B AL SLRE B AT A DG 1R i 22 ]
FITE R EERE ., R 2024b) KL QKBNS 5 BRI 7E — 2R E L IEAEW
IR X .

Bender et al. (202D WL LLA R A . B/ b A TE SR AR A & R Y RKGE ). S hs X H
S — APt AR B4 PE 6 (coherence/beauty in fact is in the eye of the beholder) ,@ Kk, A
BN TG T RIS AR ok A AT THREE BB TP BE N E & B BN
J1o NZEMIE S & AR e L 2 — 8 08 SRR AN R 22 a] L B0 A AR S A T SRR U B Y
SEBRAE S s AT TR SR AT AC I RS O B i EE X O B RS . A PRIE R —
Tl GV R 1R 3 2, MO T XA R 22 8] T 4% 366 1) Bl 22 SC ) A e o (ELRS L AT 452 25 B 3 i AL
FRA BOE T 0 AR LTS O I AL T I (co-present) , & AFFE 45 — A& (14 B[] 712 (8] #E
B M IRATE B P E LA AR BRI O R BT AR AN HE & XA R
ANAEWE, FRATT B & —Fh Ul AU AT IR IR AT AT A RO S A BB, IE H LA
KRBT TE . WA, B S BRI A i TE I AR AR T A B 5 TR AR ] 0 T SRS R B gk
H LR ARSBARL A U GRBCHE T JF A A R T 33 3 S i LA O B AL AR A X A
e, FATHEMIT A C M5 T e 1 MR SR 0] L 28 BRAT by fif B R A% 388 3% 51 0 3 SURN
B AN EATASR R Qi . XFE, EER 1 BESR A PR — Jr G 5 B8 5 38 2 50 TR
Ly T3 — 07 O XN IR 3 SO Bk 50 72 — Fh A 98 Cillusion) o AR SX Bl RS 50 U8 T Fe T A28
BT R S R BRSO A A A R R, bR E A R R R AR E F R
JPON G AR — S R G s 28R, 3K B T X U R ) I R B A B WL 58 AR i R iR B AR AL S R R By
WERAE B, BEIFASHARAE L. BRI 5 . 15 5 A B2 — Fh B HLYS i (stochastic par-
rot)o®

W4 s ChatGPT 45 AR K AU 5 A7 31| I AE AN REFLAR 15 5 1 & L We? e By U2 —Fb
AN A BERL RS RGN 7 AR A SRR S SR AT R Y R R AR 5 T B T RRATT R A A 2 1
TR 7 AR N T R AR 7 A )Y [, A TR B R S R, R T R ] 5 R
ChatGPT Xf T 48 FRIEL SL/m) A bl 14 428 4] R 386 I 25 ) A = 02 2% 3 4] 1) o SO () T

= ChatGPT ERAMECEBAER HERA

PR A A3 (11 o R ) ik L T ST T AR i R AR R R MR S B AR A IR R L T LA
ChatGPT 45 BRI L 18 5 8 0 7 A T 19 35 SO A 0 T i R 80, it P LATE — € R BE B AT

@ xS P 1wk S L S0 SRR AR I SC PR R GA
@ #E ¥ Bender et al. (2021) § 6.1 HiF, IBIMA TEFH HCAYEMR., MBS, 5N,
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BANERIEAMBALARIES B2 R RIS =5, Flan.

(1) The research and development of the homemade shield tunneling machines is a
showcase for what can be achieved through China’s unwavering commitment to in-
novation. It has provided solid support for rapid development of urban transporta-
tion, reducing travel times and improving people’s quality of life.

5 Ay e AR T B AR JE A HL IR S AR JE A LAY A 8 A B 2R
AR (2024 —05—23) PR THE . N T B4 ChatGPT X iX A~ ] 251 14 21 figf 72 14 , F AT 1)
EAE T NE = MES

lie L@ B EE XL FMFRXE; 2N OANAFUAAN - FHIEXRLFHFOE

3. 5 QLKA 22 A4

450, ChatGPT Sl B )

1.5 88 g ) JF M AL e B A P B st # B2 RASRE — AN T, B A IR T R aE e ik
ARRBETREIHF . HET BAHNE . RETANBETRE,

2PEARBEHMNETT PEAIFHG RS, AMT B RELERET BEIHE,

3.5 = 6] 3E F Sk e AR “Tt7 F5 4K 09 & AT LR 2] 49 “homemade shield tunneling machines”
(BHRIEMID), EARAINFT AT X ARG —F 50, 35602 8 % F AT
AN L HF,

FATAW R ChatGPT X F 3 By, T2 iR B #1758 & WX

S R, iR R X A9 K98, W “homemade shield tunneling machines” ( & 4] &

M)A ZHFHX? MARBEE—T
ChatGPT R #LAF4F, KAET . LR EHEH — T, EZXAH LT, TR &L 2
AAT AR B B9 HE A, BP “the research and development of the homemade shield
tunneling machines”( G # FEMI G AR S F L), B, EHGEME . =
&) & IF 3k 69 4R, 33 “Tt” 35 K 89 52 “the research and development of the home-
made shield tunneling machines” ( & % E ML R 5 F 4,

Al UL, ChatGPT Al ATE I By 515 R, B AL BNA G R E &R, WX —8KE,
BV IZ R A R B XY s IF H B N % B A 2R A AR R T A B U R AR A
IR SEAT IR AR A LR — B0 2 R S in ik AR, L BB AR B IE H CSEET A
5 4 R Y (8] 24 e 7

2024 4 5 J ,FRAEM I 56 FHE/K 4 (Christopher Tolkien) (1 T T i3 B 3CF-

()G AR LR AE DA R R AR F DL FHERAN ERE L — AR
AT A A EHFERORARGER, ATHAEAFTSER L AEL R,
CREL, (LG Re®) | ARF R AEAL), ik H3$,2024—05—
20, https://mp.weixin.qq.com/s/DuNYMOWExaYY59uKcTWYHQ)

NN b B FE R S A/ — B H CAEE”, 200 BB G R h A S AL

I EE X GEAE o) B TC 7 F 15 (silent subject) N HIR“H /R4 5“H 2 "1 [A 48 (co-reference)
B 548 (dis-reference) R R A K. T .
QC—DHReEWN— AR 0 8 T M
(=4 REFRFRLAANL] B T He 8 THEE AZZREAFA D 8 THEHE)
Q=R AW — AR o4 AT
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(=R REXRFER[ANA I THEE 2L TR A TFE A A G TS
QC=3DHREEWN—AR o4 8T 4
(= RERERLANATA T H B THEE A2 R HABEA LG/ A THEE)
T AT X A 7] 8% 5] ChatGPT .
B CRREAN—ARIN A ATHEEZXFEHELTAH L. XL TR E?
ChatGPT: X ) M Z BRI R AU ER T HAAAWEEL, XZH“H T HER
FREAA,
EH ECHRRAEAN—ART A A CHEE"XET R A B TEE"HAZIR? i
RAERZEMA? XELHH TIHRIBE? RIERELTEAZ LAY
ChatGPT: X & i P “RT A A CHEE"HARFKLRE AN AXREFHiL, X2
“HLRRIERERA,
EH R EAN—ARMN A B THEE"XOFERILATRGZE? HH A7
ChatGPT . ix &) # B K LA W FF T 56 649 22 %
I M RERIANAARBEEL L REIAART DL ETHEAANE 4L,
2. R RERMATE AR . REAARNATLATEREIR(ARE),
EBFHEALT.E0FEFRAEBRRZIRRERTNAANEE T, B H 4
BB FHANAAEAGHL. MA@ v AmA“E AR", B2 &3 Kk, F
P2 R B R LT ARG A,
Al UL, ChatGPT WA % i3I L 1H (2— 3) 3X Bl SR I AN 8 L S I KSR A W] B 1) 3 SCR# L .
(EL 2, B X Al v i S B S AR LE A 5 T EL L 3 BB A B AR X AN 8 SO R P S B R R AT A
MK B T 75 22 R 5 A1) 148 S A7 15 1A SIE IR AR Z 0h iR T3 B3R “VEAE 7 “ i e "t 3271
TC VRS AR & e L OC R L DA B R ok S M A AH O i 1RV o S5 3F B i A5 AT “AEAE 7 REmT LUJE
MANE AL WA LU A O S Lid (AL AEFH R 3D S 1Y (tacio FIIH,

= ChatGPT ZEEBERBEAAEHFARA

BT D KM T 1982 4 & 7 WEE— BT 14 A7 B 28 b AR 19 2B & R 10 ) b HE L
R T =41 i o R A B & A 24 R S L LRV 2 NSRS R ) HL R

B—1-—DFF R ZLARGTF (RO F Fizheg Z L)

B—1—2)FERGCHHROR (KRG Fidthah o)

B—2—1DEERLBEGRFHHGF (<~ 1hF 2EXLBBHRF)

(3—2—2) PR 55 & A B 04 SUIR 64 4R 6 IR (<—AR 09 B P& 5% 3% & B 49 SRR )

B=3-"DERERGEHURAT (RO FT GREKRGEH)

(3=3—2)F R EMRB T H I RGB(~—ROBR BREKRGTH)

IATE 3L 43 B B9 A B A, X b 44 1) Ak 2 32 188 45 0 A9 G 2R Ak 5 BIV DK S Tk 45 A4 v A 401
FE P 3 F B AR O SRR SR 25 R T I A7 A% R AR TR P R i . a5 ROk LA
G5 AR v B 4 T S R R0 T B A AL A O O BT R 0 T TR E A O R
MBS R G R AR, IHEHPWERZ T RE S E L5 4 B g s (e,
CHERAR R B 7 I BRI IE T AR R R AE A R (RO R BRI U B R+ 5
PR7 I A 7 SO . W, X A ) TR TS 2 BEAS T IE (19 < 46 B W4 42 4] (garden path
sentence) : — JF UR HE AL T ZFh &5 M A 5 TR0 TE AL & A mT BEE L (0 ZR0ER 2P0 5 W] L A A AT
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— i BT S B A NT LIS B IE B0 O SURRERRRY . VR 2 AR — RO 2 8 T AR IR 0 S5 40 i i 5 1)
WA A A AR A BN G S SRR T2 RS T MR 8 /0 b R . X Rl XOE R
AHXF & 2% i IR] , Y B LR 22 N5 A5 BB e A R . SO e 9% i
FATA X = HE A B T A R 9 0] 8, R BR ChatGPT #E47 7] 2 % 14
EH TR EENERGT RO A . HL2FLTH L2 AH 42
ChatGPT: R F FL TR ZE, MAEAWA - FENHE. A FFEIFFTHEZL. L
TEERLC,
EFH TR CHEURBREG R AL FETHL? 22
ChatGPT . KRB FiE TG SH, ARFEARNL IS THHERAFASCKE, ATK
%] 4 32 fif Fu 3B
EH CCREERLMARFHRGF RO L EELEENTF? AA—RFLEZRZ AR AR
FEE REFEHA—RFELBRAF? AH L2
ChatGPT: %4 F £ HF R AU RTF, RORKHF(TARZ—RAFAAARAF) X ERY
BF ., BAFAFTHENERR TR RTF, 2 2mAF,
EH B RERG T VORGRHGL LG REH2? BHOHEHEAILA? R K
TR At A7
ChatGPT.: K& R G RERGFEH. FHLA A MREAFA, BARINGZ“HTH7(E
) Ao B (— FE FE AR A AR
AL, ChatGPT X Af 3 i i ) B A AT A B g, IF HLaER X% 1A R o, than, &0l
R A MTERE P R T (T LU — HF W ) RERGNTF, (HZE, X TR
JH T 3 26 TR E 5 0 O TR L J0 A A5 R U & U oK 6 RE A B AR AR S B
T “E” R BN/ R A LI ) — 30, SCRTA I T 48 104 A 9 A “ A5 35 7
DB RGFLHBRGE . TEROFEARGTF,
XA XA ) 22 B 5 RS 3 2 A PR R B S TE A L A NN R AR =, A
27 WIEEHBMMESR . XM TR TZE LR, KT .
— POk, B 45 Ty 0 B AR R i R S R (R R T B B AR A 38 A T e D
R AR TEEEA AR R AR ER S AL B T S ARG ARG T DA BR S T Y 4% 1R T 4]
B RIS 3 T 285 0 “ R B W s B2 3 L B 2 Tk O 0 R ¢ B AT ) i RRE S A B SR L IT LA CUR A R
“HUH AR AR T AR B BT Xk L S FOR T AN ORI R LA
B Y7 TETE R TCR A L T LR ) T Sk i s i AR — S A E TR T . WL RS
FI X A A T S0 FOB AT RE NS T BOA B B RIE AT . BESR X MRS SR R T L IR ATT
PGB S Z MBS TE LR GRITA AKX R) B AJZZME R, B DL 57 F " Z (3] 7]
REfFAE o fE— T H XA, TR R RE R S 2 (ZH M) s it e i, 2 —14
N — B NS B R 2 S5 M 2 [/ BN T8 s B AR, i i X R AR, 1L T HA%
“BETAETOIE R R BARIME” SRS RIS BN O A0 3R B b B AR R B AR e B O B, 3R
N TE PR« B IR SR I R TR L B R BRIk R — N A — SR BE R R, RS T R
TAmE” TR AT AR — 5. XA K A B A TR IR T 2L A B N BOR R
B B pd . R I 5 G A A T G RS VR B T IR L AR @

@ICFHPR T I8 B PP IR AT TS I UL A A AR 7 BRI AR R
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FATE R ChatGPT Jg iiiﬁfﬂ(@ W) AR R TR 22T 51 I R
EHGREE T AT TIE? AHA
ChatGPT:X &) #85 & & £, "%A%D;hkéﬁﬁﬁﬁ; EABRFTH LR ERZZ —AA
FEH G, LA, A AmT 4&/\"53/&%%/&
EH BAHNE-ANAAZTRZHF LAY %&"%éﬁﬁ;#/\/\ LAF LA TAHRZ—-PAZ
HF LA BATH A AAZLRF LAY AH A
ChatGPT . 41X 4 3%, %Aé’}ﬁiyﬁuh/\éﬁﬁ/y%ﬁ'ﬂxmm AANBATE BT A2 g
HFEARATH, XHELZAAHILEAR BT TXIFFITAHZHEASAR
F AR,
— BANE - AARFSACHEEZRRGE BT ESE T AL LRRA
#) .
— BN . TARZ—AARF ZACERTABERIL L.,
— WAL —AMAARFLACTFEARN T ETIAGATAZ ERNA
#0,
— AT T RAR—AARHF ZACERTABERRI 0.
EH BAFAGIAERZHZ? REH(—MERLHGFL)? ARG T EZMF L7
ABH(—MERFIHGFE)? AH 47
ChatGPT: BAT AW T ARFE, T HEZAKRWE X4 E, HLADARAGAHE”,
TEWHBRRE-ANARTE, 4‘9[73/Jv—?c/\/\%ﬁil“’“ﬁ,ﬁﬁvlﬁrvxiﬂﬁ¥ib$i&éé
ITA(—AAGE)RA BT ACGFSANE) ., TAPTAHZAZF, “F
EREMFIREGELRNITARGEF”, ;FV“%"‘*-T‘ BRFR-ABTE,
BN F AL TARBAEHZGIAE(—AANTFORAL G TR
(F AT,
B XOFERETHMEEMPTEZNORR . EFFERETAHT—AARKF S A
AT EARAR A T AR ERET EEREF L
Al UL, ChatGPT BRVF 2 AWK UL ix > XE&IE%@E:E’JXT@@HE’J& — M A EILKR R
J& s TEAR FVE R B M oA XA I A U BRI FT N AT Dy 2 R e B N AT Y L H SRR
B — AN, B, ATHABESE 97 ChatGPT Z“BEHLRS RS ™ ; K, AT
Z NTEX ﬁﬁ%ﬁﬁlﬁﬁ?iﬁlﬁxﬁii PRGNS TER TN 1 s R I DS

M ChatGPT ZEEM—RBIFTEW AT EMHBRH

FE AT F RN B« B 8 B 78 1R 38 [ X b = B9 B 48 BT 19 507 (neurotic reac-
tion) A A 136 (2024 —5—24 I _E 4 MU g %)
(5)Everything is about China, not because China’s threating us. But because China is
showing we don’t run the world the way we like to think we run the world.
Bk de k@ e 3 iE 6 T 8 R E,
ChatGPT: — w48 % F ¥ B, RE R A ¥ B A @M &AT, T & B A P B EARE T HZA R
1 FAT BT AL 04 AR F 4w R,
AL, ChatGPT X T &2 2% 1Y 5 i I\ /A) CHp A7 38 23 19 £ 18 454 “we [don” t] run the
world” 13 1) fe % 1F B Hb 38 A , JF B #H3E h ids 1 DU
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TEDUR MRS SVO RUE B9 5 52 1R /0N A B0 3k DA PR ik 2 A 1] 20 B2 38 A0 I 2 1]
A FETE S I LA LG BEAS By A R B A . 49

(6) Z AV 5n B AL BLIE AT AL S0 B AL AT BLIE LA Sr 38 R AT S A BT RATL

S B AAT S KA S A E SR AL R AVR AR BB, (R« R RIZRE(FEH
A5

Forb A FRATTAL N E AT AT E A AT BT A = E R R e IR
S5 2 E R B T S5 K R E R R R IE =B (ay ~by e @, Y | —
FERCEE R E RS (a, ~ by ~ ) EH ) o= a;~by ~e) s X R EEHE R
B BEIEE (2, ~ by~ o) s N Y EANZ W 1B RIE BB (ay ~ by o) EE
(Bl ¢y = a,~by~co) o WRLEREN B A2 1047 R o 3R 2 P 9R F . RATE B 2 — 1
“a; ~by ~a, ~by ~a; by e PR B A W IE g5, 1E @ Chomsky (1956) AT 38
1), X AMIRE R P EESEWZ)Z T Y L — 20BN EiE i B85, 2 BRARE 5 R T]
RiF BRI (the model of finite state Markov processes) JoikAb B (1) ,

R 0 e T R SR H A IS TR AR O A SR IE UL Bl A (factive verb) o 1] (6) J& —Fh 4L
TR ZEBIHRIL . T HNE ek FRAT A 43 B AL EE B i) (counter factive verb) LA
97 FAE AU i) (non-factive verb) “AH{E 7 &4 “ J1 18 " SR )5 , ik ChatGPT 8% 31, Jf H.
I8 2 1)

(6— 1) &K AV s B ALAT BB AN A S B AT BLE AT S0 18 KA S E AT E LR, K

A1 A S T8 AT S TR AT S 38 ABAT A2 LR
ChatGPT:We know they are lying, they also know they are lying, they know we know

they are lying, and we know they know we know they are lying.
EH AN RET D7
ChatGPT: = & : 52 89 A AT A2 LI
(6—2) RATA A ARSI AT A A AT BLHE, AT VA K AT A AT E SR, &
AL VA A AT 2L g AT VA A A AT A2 LR
ChatGPT:We think they are lying, they also think they are lying, they think we think
they are lying, and we think they think we think they are lying.
EH AMBLET D7
ChatGPT: R A & , B A iX R & R 7 69 5F M RN A,
(6—3) RAVABZALAT B35 AN L ABZAAT £ BL 5, AT AR 4Z KAV E AT E LR, &
AL A8 43 R AT A8 45 R AT ARAZ A £ BLIR .
ChatGPT:We believe they are lying, they also believe they are lying, they believe we
believe they are lying., and we believe they believe we believe they are lying.
B AR T B2
ChatGPT: R# &, B A X R A AR I Ak FRREF L,
AL Chat GP'T (1 65 T B 03047 2 53 U110 52 5 DA, 6 5 65 B0 2% 5 10 L3+ 11
S B KT 9 300 052 2 0 B A T S B A0 R T AU B ), WL
/I 7 2 0 A 0 5 AR 2 A RS2 1 3 230 i e B Akt 5 38 o 7 7 1

© X Fh AT 3L A P 540 5 56 R 442 £ R . B % Chomsky (1956),
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i AR RE D BLAY — Bl R LS 5 (EUR R ERR S DU BR T A DO ST — AR AR B ik 2
B A — SRS 1« 37 U i A TR i/ ) T 3 1 i R R 1B, ©

F ChatGPT FEEBHONREHFTEN A ERI

THXANEZem g 3 19 22 FEH 22 B 3% (nursery rhyme) , B 1E B % CHk F &% 51 H
IOES  AEYINGIE AR ES T

(7)This is the dog that chased the cat that killed the rat that ate the malt that lay in the

house that Jack built. (X Z AR R B AR L. T HER L ELENGE T L L F IR
o 09 H)

XF TSI X A FR VB M T S T R A 3 ) I B TR M A e 3 0H A P A5 RO AE
T (BRI . predicate) Z J5 BHINAE 16 I R) 32 )2 38 U S W7 3707 B 19 48 4 1 17 10 5 4528 s
R (ECRE AN o) BN #OE TR MK 2 =15 (SRIE, IWINN R o), B2 E
TEHE N A] O BB T BB IE 5 R 45 . O 1R R F Atk P 54T 5 1Y )2 e 3 L )
DA AES FA0 AT, 53 )ik LA M £ 5 1k 5 6 R Bk 2, 40 i s @

(7—1—1) This is the dog {that chased the cat [ that killed the rat (that ate the malt

(that lay in the house ‘that Jack built’))]}.
(7—1—2)This is the dog(a, ~b; ~c;)
that chased the cat(# ~a,=¢~b, ~c,)
that killed the rat(# ~a;=p~b; ~c;)
that ate the malt( # ~a, =¢o~b, ~c,)
that lay in the house( # ~a;=p~b; ~c;)
that Jack built.(# ~a; ~b; ~cs =0)

FELIE b U, X — A S E R TR S )2 R B U 2 S5 - IR Y
CEIE—RIEGER (ag ~by) s E R R R “that” GE/E ) MGI ST, 84 E— 2R iE—=
WEEERE (bs ~cs) T8 1] (BI o552 2 ~as ~ by B 1) 3 IR IS JZ B “ R i — R 157 451
(bs ~es) s XAERFRACT “ that” 1 51 5 F o 58 2435 P2 B “ B IE 7450 (b, ~c) IR I Y
SEHMNACHD ¢, 52 % ~bs ~ o B s FEN X T 2 28 )2 N 23 ks 2 BB s 282
VE b — 2 02085 09 T ] . AR SR BN 22 ) A7 (0 ) vk U4y 1 R 2 T 90k L FRATTE 2
E—1"a,~b,~c;,~#F ~b,~c,~# ~b; ~c; ~ # ~b, ~c,~ # ~b; ~c; ~ # ~a; ~ b "
ORI R R A E TR R R B I A5, AR X R R 32 /iR R 4
P J2 3824 b — 2 1 3R 52 G5 40 1Y 22 18 1Y 5 T8 R 4 B 5 A, W2 DR AT R B AU B n-
grams R Jo ik AL B

AL R 0T 33X A 08 10 5 7 100 1 5 R A0 T 3K ) A L A A A 1] g 1 5 D
I e A Fl Y v 2 5 o (Bl 1) B A iR B TR 1Y IS 2 2 1 (BRI 72 B AT 22 i 2 B 2 18 A

© EOBUM 245 (1980/2021 : 6 19) 4 H AR 7 g —Ff T2k < FH = LA A0 g BT TR AR AR 45 5 92 95 — A
NI W ECAR . A TR LR AR AR R | RO R AR FRAE LA R 7
O FATBEMINZ BN B KR ALFES S RS R\ AL S B 7> 1) 546, 3,
T = 7ARIE " that” 48 5| E #F N A) 9 56 AT 07 AR 18 2 3K 3 EL 28 W 7S [a] 19 72 1 IR0 1A ) &5
2 S A EATER A BT R EiE—RTE— R/ RIESH .
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R GREERIE 17 s 45 R AB M b A9 38 TF A\ 2 B2 90 22 1) A b 8% B — S4B 45 1) 7
G, e A 1B T v ) O B TR A DAIS 2 B i JE N A 1) A B R — S RB R  R A AL OB
N BB CEEAT B BRI IE B 2 R R, T LS S AT A O 20 0 3R
NN
(T—2—DEAARRGEM[RACLT AR RALAEEGET LWL F =092 8694 ]
LR
(T—2—2) X R AR R () ~ by A eeeeeevreeeenneemnnneeneiereeesscee s eeeseneee ~ ¢ ) H)
HEAE (by eveeresrennnsnnnssneneniansassaneannsne ~c, ~de) 56 89
ni;,’b(bgA.........................../-\C:ir\de)%—fﬁ‘é{j
w5, T (byeeeeeeeeeennsa~e, ~de) & F 89
KA (b ~ee e ~de) BF 2
K FEFEZEMW (ag~bs~de)

FELE b 150, X S — AN S iR IR R R i B R 0B T S5 IR R
“FEiE—IRIE "G (as ~be)  TEEA A I RE Y B “ (97 GEARE de) BAE TR B BUR >4 T 3%
R RN R, Y LR RIE RS (bs ~ o) AX O 4 TR B T
(B s A% 5 1732 as ~bs ~de BB M) s X IRK 2 1Y “ R T — R R 7451 (bs ~cs) s XAE B A
“HRIVEITR R IR T R R IEIE A (b~ e R R B (B ¢, &2 bs ~es ~de
B s N EH)Z B HE OANPR RN E)Z  H R R R B RE LR NEIE Y T2
HMN AR TE . AN SRS N A 22 ) A A A R R R SR B RATE B & — 4" a
~b; ~b, ~b; ~b, ~b; ~a; ~b; ~de~c; ~de~c, ~de~c; ~de~c, ~de~c, " (FFE )
W R — W VR i N B A 1 R E Z5 A . AR IXRRIRR IR 0 /R A A
JEFE Y b 2 IR 5 G5 1 2 18 1Y 8 1 ) B R A R SR AT R i R AR AL B n-grams
Y BT TG AL B .

AT 2 R B AR FE TR (T S DA A 7 o v MR TR A O B 3R IR AR BRI E N
PR TE BUOR R G 1 I8 418 M) 450 23 B e 7 AT 224001 (DS S 61 (8) , I A
G390 FH 4G5 4347 W 7 2, R W s 2 R i

(8) The malt the rat the cat the dog chased killed ate was laid in the house that Jack

built. (AR & # &AL 6 AR R X R ARRAE AWML A F R ERAAZYET L)

(8—1—1) The malt {the rat [ the cat (the dog chased) killed] ate} was laid [in the

house that Jack built ], (AR 4 % i& AT 69 A 2 %% 3 50 69 A8 R % R arve 09 & F 230
AAAESHET L)
(8—1—2)The malt(a; ™e+erereereseeceeeeneese ~h Ywas laid in the house that Jack built.
the rat(a, ~«s+seereeseesee ~b, ate
the cat(a; —eeeee- ~b;) killed
the dog chased(a, ~b,)

FEL W b 13, X — > Pl DU AR TR A 2 2 i A B B A S5 R E W E
W REEM (o, ~b) s HER Y L — 20 il RIE 745 (ay ~by) 19 18 19 2 15 A
(B a, 32 a, ~b &) s R JZ 0" B3R IE "S54 (a; ~by) » NI MK &2 0 i —bih 74
F Cay ~bo) B E 15 19 8 1 N A) (R 2,52 a; ~by B s TR & 2 B i & 2. B 2 E L — 2 &
T E T A, AR SRR N ZE AT B AIE L R BT SIR B R — e ~a, ~ay Day
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~by~by by ~by "R () IRIE AR E T R BY AT 10 3B A A5 . AR IXMUIRE IR
B IR B )Z Y b — 20 EE S5 0 205 0 8 15 WA i 2 254, 02 A BROIR S R AT
R BRI BE n-grams BRI AT G B AL FR A

AL 6 T 3 TR 3 M TR D) S T R U X R I ) A 3 TR ) A 8 2 08 H L AN AT I
BT B E T DA 8 T T IR S T DA Y S DA R )2 B 2 A e D 1 A B R — A AR Y )
G 1 3 78 T ) T IR TR PRS2 B 2 A 1) A B R — A AR Y B s i A B I — A
Se N EEIT AT B E AW e QUTRE O By 2 RS . AH R, AH I B DU ) T A5 A A
FHE 18 ARG B RE s N ZE ) 4738 )2 4T 08 o A CETR R + B 7)) B3 H 5 45 RIB L T 1E
Ry FETE AL 1Y 24 1) Y L DA SR A L 94 S 1 B PN R R TR 8 U B 8 TR R . AT LU AR S R AR AT A
RN

B=2—D{AFHEAAG[ AR FRGAREL I MrLe) A FRAERLERG G T

2,
(8—2—2) AR &AL 89 (a) ~ b, ~de)
AR AR AL (a, ~ by, ~de)
AR R AMeL 89 (ay ~ by ~de)
EF REXZLEENET Z(,~b),

FELm 130, X — > R DU AR B A )2 2 i S L A A5 i R E
H—RIE" S5 (ay ~ b)) TE B R 897 B AR HI R, B A > T 96 K O R AL /N m) 1 24 3R] PR RS D
SN T — 2 FiE—RE 45 (a, ~by) B ETEBY & 15 WA (HI a, 52 a; ~ b, ~de B 1fi) ;K
LR FEE R IE" G (a, ~by) s XTEBIE 7 B4R R I B4 1 P S . 72 S IR )Z 1
CEE BRI (ay ~by) I B B B AP a3 32 a, ~b, ~de B s KK 2 BRI
B BRET — B EIEREE WA, R0 8 A8 10 45 1) S R R TSR E L —
Aay~by~de~a, ~by, ~de~ a;~by~de ~a, ~b A (F B R IE G AR E TN Y
A B S5 . AR KRR 2R FIR S E E 70 Y T — 20 EIE S5 Y 3218 1Y e 1 A
R B S5 A8 A2 A FRAR S B /R AT R i B AL 5 n-grams AR BT T i A FR Y

PO DU R 1 AT DL B, 0 T 3R 3K 3% B 1 it 32 3 0 5 2% R U, DUTR =2 288 1 N 1ip
ERITE T i A R IR OR Ui 52 AR T Y R TR 2 R e TR N R B AR LA S R A R
19 i e S VB 35 A A, M FRATT ISR ChatGPT 441 (7) i3 DB I, 45 52 .

ChatGPT: X R AR ARRAMFRT ARELRAAREL R LT RAERLEN 5

FEW LN,

AL, ChatGPT A A Ab B 22 d 5 T DA 4] i 25 19 45 440, 9 LA A1 FET %) i T80 A4 5 18 DA /)
B ST 0 F 8 4] . S5 R S Z 18] B I E) SE JS O R T IR AU — R R T 1Y 3E
FEFIWZ TRZFRIA ., FELLAEARIBET L SCARF ABDAH G (DX N 2B RN 2
HEH WA RS . AR BT BT DB G 1 3 D ok Al 2 ok fe — R k4l £
T AT 5 1T NN JZ BN 2 L S R 1) + 32 B R 1 N A8 M Y 2R I 25 R P
“ R+ L2 T T N AE A B TR B S5 R L T8 AL O T R B SR R E 2R N . ©

(9) This is the house that Jack built. (X2 & £ &% 69 5 F )

This is the malt that lay in the house that Jack built. (X Z A E A L ZEW ETFEZW

@ LWL https://en.wikipedia.org/wiki/ This_Is_the_House_That_Jack_Built,
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EA )
This is the rat that ate the malt. (X # LA £ F 9% K )
That lay in the house that Jack built. (€[ = E F A EXA L EEWETE,)
This is the cat. (X & A X3 .)
That killed the rat that ate the malt. (C[ =R AW |F R T A EFHE R )
That lay in the house that Jack built. (€[ = E F A AR L ZEWETE,)
This is the dog that worried the cat. (X Z LA A Iz S 895 ,)
That killed the rat that ate the malt. (€[ = R @ |F T A2 F G E L)
That lay in the house that Jack built.(C[=R X F R EXZ L E LW ET L)

TR L B AR (T —2) FN (8 — 1) ix Fft i U J7 UM 0k & (centre-embedding) , KHE 2 %
BRI — PR S5, R R R B (B 3 45 4 v L U b Y oA = (a3 ) 254 L T R
ZH R (B SRR TR E . b, (7—2) R B R S R R A GEEC VO™
1Y) T2 15 32 )2 Hb A I Y F O T 45 4 44 TR Ak s Y LA B A5 RIE L T IR TV, Ve Vo
V., 0,-de, O, 1-de,— =+ Op-de, Oy-de, " AL ML P51 GX BT “-de” R A AL bric“ 1) .
7 T 35 22 o A DA 0k e 18 T R 2 4 ) 1 DAY ik K R T R T2 5 A 5 I L S X R T — 2 A R T2 S5 A AR IR
BrWr b — 2 B IR T L5 R I R T M B a2 i T B S SR HE S B A% R, T (8 — 1) By
TR RIS GEPE“S+P™) 1Y 152 2 o bk 5 B 00 i 3208 45 04 3 Bl 0 E i N )BT
ZERIEHL TS, S Sucy Sy PPy oo PYPHYARIE BN P o TR 2 . 0 YR B TR 1Y) T 45
A P9 i U TR ) 208 S5 R BF W L SRR T — J2 10 I S5 A AR R B B — 2 B I A B 3
TN F T A TR 3w R B

AN BEFREEBPONREHFTEHAERI

R Z)Z WA OSSR L AE A SRIE T Y B S SR PR L Ll AR
SCHR B A BB RE R, A BRI, BT M2 E iS5 AR 3R B %
AT 2 5 W 3 B 2R A L I S BB AN J 4] 7~ 1 (L Everett 2017 236/2020:
259)

(10) A man that a woman that a child that a bird that I heard saw knows loves sugar.

XAEFR LR R “ay ~  ~a, ~ # ~a; ~ & ~a, ~ % ~a; ~b; ~b, ~b;, =0~b, ~b,
~c "R CEFH ) IREE AR E BN B AT 038 H S5 . G3RATSS 7 48 B rh e,
AT CEPR BRI T ) A K — A IS GRIE + B "2 H AP D N g
F9.“A man loves sugar”j& 4] ; T NI = 2 19 E1E“A man” FF IR, 38 2 N P e R 19 3218
SR BTG . FIEFIEEA L — — Ve, Wt 2 vl T — A iEE i, R
AR SO R ] L Th SCRR I F -

(10— D KU W (heard) 49 B[ = | > 2 & & 2| (saw) #9 3 T > A 3% F 3k 4% (knows) 9

* A RAKA297 9B A — A B AER (loves) ##,

UL, 2 0 Y R — R LR 2% 0 1 (psychological effort) B iE %25, LLE T
Everett(2017:236/2020:260) Z4¢ B W . “ L bR b A N FREANT RAFTE T8 5 2 % 09 i 1
HBORE AN N X — Uik R4t 7.7

J TR ChatGPT XF T2 8 vty P ik 45 18 1% 3R i 58 7, FR AT 38 5 %38 19 7 =X, 1k 8 58 i
—RIMES .
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A R de L@ e 345 6 F (10) 3 R LE .

ChatGPT: =AM FA AN KA IRAZF AN B R A A, foid 09, R vEHE,
EH RO ZEANEFE TP L AFTEX RGBT R, e

I heard a bird, a bird saw a child, a child knows a woman, a woman---
ChatGPT:— I heard a bird; — a bird saw a child; — a child knows a woman; — a
woman knows a man; — a man loves sugar

EHAE-TUOEANG FAEAEEER? FEASH Y HA? R AN H
ChatGPT: X AN &) F & A & kA iR% A2 A A 230 0 5T VA I Ao 7 W7 3b A3k L AR L 3039 89 7 X

4r F :— I heard a bird; — a bird saw a child; — a child knows a woman; —

T

a woman knows a man; — a man loves sugar
EH GRAEQO)IAG T ey M AL ARG
ChatGPT:A man, whom a woman knows, whom a child saw, whom a bird I heard
knows, loves sugar.
Al UL, ChatGPT BHEEAZ B (10) X Fp 2 8 15 45 /i B 1A 7 B9 e 1 - A5k, o AS R TR
U dth e BN TR) 23 Ok 0 208 G5 0 SO N A 3R 58 L RE Hie BRI A A I >F 32 A1 i HE R 7] )= IR
THZAFIBEMEZANBIE R HEL AR CR7F558), FAT#E & # 78 (1 heard a bird, a
bird saw a child,a child knows a woman) , K iLE # H HAMA LR FIEIHIERLR.EGREAN
{UIEH 3L 2] T “a man loves sugar”, i Hif 45 3k it I 18 15 19 3215 “a woman”#b 78 T 1515 3
1] ([a woman ] knows [ a man]), FRATAS F5E X F 48 #3355 4] 48 Challucination) , {H & RE 1%
R, 3] KSR (14 B % /) 32 45 ) S LR I B 43 22 T A 06 R 2 R BUR Y . (B BRAE A S kb 58
25T —AghiE, B D s e & I IR A R . FERCS FE R ) I HEAE “a bird saw
a child”#1“a child knows a woman”%£ & RHIE T .
Feog b B (10D BT B IE 8 A RRCAS B 3202 26 80T T (11D 3 R X
(11) A man that a woman that a child that a bird that I heard saw knows likes loves sug-
ar. (R ITILLEF ™ 09 5 A B 2T PR K AER G FAREHE.)
A DU R R 2 1) 2 /0 R R 450 N R I TRV, KRB R R F .

(11—1)A man || that a woman | ||| that a child | ||| ]| that a bird | ||| ]]]]| that I
heard | ||| ][saw ||||] knows ||| likes | loves sugar.

=& ALe w16 [ HA2 |[|[ ZF AR ||| LAEBRY || FA
| Zet ¥,

FoE AT LB L FIE# A0 D RS X 4, R ChatGPT #E47 XF 3%, 11 B 52

A hde b ey 9B 4 F (1D 8 iF R LE,
ChatGPT: =AM FA, —AEkA, —AEZTF . —RE KT HA N, oidoh, ER, R
.,
EF Ee L@ (IDEIANEEFG TP L AEEX RGO MRS B, Wde.] heard a bird, a
bird saw a child, a child knows a woman, a woman---
ChatGPT:1. I heard a bird. 2. A bird saw a child. 3. A child knows a woman. 4. A
woman likes a man. 5. A man loves sugar.
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vk, mkega) T2, — R 51 heard) — —REZ(abird) — AT

(saw) — — A3 F(achild) — 4eif (knows) — —A% A(a woman)
— Z 3k (likes) — —AF A(aman) — &v# (loves sugar)

AL 6B (L1 3K A3 v 465 1) 58 BE 1 22 3 N R (9 938 R) 1L ChatGPT 2Rl LUE
S TR O FR I L AR A H R B AR AR S BE R AR (11— 2) IR A 1 )2 28 N i A DL ) 1
FEHEA , ChatGPT & —Fh 3% T4t 1y A2 Ui 5 B R 5 & al DLl a2 ) B 75 )5 i LR
A o SRS BN 3 A AR 9 A= S0 R AT AT, DT £ g R 0L 5% A1 288 A0 i i i . © i 442 461
(7 QL0 FN(11) Z 3 22 H HC P R 45 R4 7 L 52 SOAS il L 52 DL 7 I 2 iR rp i oS vl 245 5 25
H, ChatGPT 251 5 A AL TE I 2RI AT Ip vk 4 B b i) 7 9 0 A B, R, FRATARAR 2R
FH— & WA 22 B rpts PN ik 45 48 75 R 25 U1 2R AU 1 5 B AL JIE 40 ChatGPT 45 3 5 45 L
2 AT LA B R AR X — 28R TN R AR AR 2 1 PR A A T

t HEFEEREMEAHFTEMRANESER

WA E T DR 53 BT 2R B ChatGPT X 46 B by SCA) 8 Pel 1A 45 47) sk I ik 25 ) 4 = Fh
A BT SRR AR RS T T GA B TR KO . A S 9 3L J& . ChatGPT 4816
TR R ELA bR DL R A - R T B R S PR SR R RS 3L ) P B Ay S L 4
FUN PR B 3 J7 A At 2t & X, TR = N R Ml 5 4555 BT R AR I R B AR L B B
P an , AT 30 HeRE R " 23 Uk B R B JRE s B 1B SRR B R B AN AT R X )
BHZ B BN, R 20242) 3K UL, (] “AIL &% /16 5 KB REAS RE LR 10 5 M &
SL7 S ERAR IRV KA A STk 7 — R O, af B A T A IR AU, (I Gopnik 20225
Mitchell & Krakauer 2023) K K, AT AZEM TiES A S E X WER IR ZIH T R4
H AR IE T B RE T 5 12 U8 T 3R AT 30 2 76 S0 56t SR A (sampling) L B3 47 B 5500 N 28 B (K B 5))
(interacting) , #& I 117 AR B 8 19 X AR 1% tH 5L (lived world) I BB N FE AR B, WX, AHH
IRIE T AR AR S N TR BRE IR T iiEMa) UL E XM R EHENCR.
(FEMW, Pezzulo et al. 2024)

SN TR E T B R RE SR AR —RE B A SRR T O B R T I A Y o B
Yise it S5 5 ;X b a8, (AR B Eaa M B SE 2 S0, TR R, X3 A [R) A A AN (] [ 28 o e
TE ARG AR 2 50 250 2 Wi B B 8 NI EE L (B DL Mitchell & Krakauer
2023) A N T REF= ShREANREIE AFRAMT AR M H 8 406 . 6 F ChatGPT 8515 7 KB RLE
T 2o v A A AR 1) o L 22 Sk R T AL R R 5 AR 8 ) 4% ok e R R IR TR VA Z R OC R
AT BT 18 4] A 32 1 3 SO (IR DL 32 SRR 2024 b) L “ 18 CFRAR 7 3% A 4 (e W) 75 B E B A 2,
B v HL L O FLEEAT 4B R A3 B R A T Z B DG R . IE W Mitchell &
Krakauer (2023) BT AH 1) . “ W 1% & & X A — FP 8 Re Bl 24, (L BB 08 S R [RJE ) < B 7 X
SO [R) B 23 A 1 R Ak R R PR L DA R An i 3% 5 S (] TR X0 DA 80 46 () R RE I R 7 e S o A
BRERL = LR T R B T A R/ (RS R AR " — 43 AP b JE R A am iy B AR R

@ % TR e UTE F R LR WL XA (20200
OFF 22 B MR % K Edsger Wybe Dijkstra(1930 —2002)H — 4] & & : “The question of whether a ma-
chine can think is no more interesting than the question whether a submarine can swim.” ([A] L #§ 22 A4 B 2% 11
[ 7 K A 2 A 2 vk E TR .
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AEFIBIL A% B9 N T3 BE PO A 28 58 B9 AN [R] ) BELA# BE 1 (PR IL Pezzulo et al. 2024) , B84 i A5 B
Mo 19125 Chat GPT 453 5 A R A 2 R AL RS G 7 22 2 1) [R)

Bt BIE B AN TR REC R AE 2 R Sl a3 K 9 HLg A0 B A2 AT L AH 56
R e G e B [0 KRG 2E T B IR) - 1) A o] 5 B AT S A 2R U N TR BE R SR RE T 2
2 Jun ] B i G B A DS TSRO 7 3) ARl b S e AN TR B AR S AT AU AL 1 it
1] 7@ DT FF B BE LA (T SR ThT . IE 2 AE K Rl R T B B R A Y 2 AR U L AR R i
5 oA PR BN 45 B b IR A VR Al REARAH I K A Y B ORLE . e IR — A
N s N R BR AP B BRI 0 B2l X T RO A 5| 5 SO M B, ER, BAR
RS AR SR 4 BROSCAS AR SC 9 SN B ER BT E 47 L3 B 25 A 5 Rl e, & E 2R @ A
[6] H R RN T TR IR RO R R . TR A AR 2 A T T — AR A AH SR TR AL 1) d) ] Y
L v B R A 4 22 0T R OB i B S IR S A5 B 2) X Tl R ELR U,
R Bl 18 R A Y RS BT B B Sl AT BRLE () SR E R 7 3) T E KRR
LR B X T 1R 7 B S A BOR B, J2 RS PR L Sl VR A B BB 1 2 B A B
WS K7 44 a0 T RE R GERE AN RE AL B0 A BRI S E A7 B0 iz 3 S T A 00 46 3R 058 1 5 3K
RN TR R E SR B 2 SOBR T H B A ER A SRR AT R B B AR . AR TR SSRAT A
AN TR AE A T SOR B 7 6) Al M F N DS YA AT D BT 7 A Y SOAS R I R R R A
SRR A RS I SURIBEAR 7 (3% Pezzulo et al. 2024) X i Qb 2 (4 1] 81 , 15 75 F R hip
ZRANMBHARNZSH5IHE AT RRE . WERBEW X, TR AT 5 o 0 8 5 A= 1 iR 46
R AR I AR ER

2% 3k

XA 2024 AERGER RS PR R A RS AHLE AR S5 % 72024 — 07 — 20, https: //mp. weixin.
qq.com/s/a] — —z08 ABKFqCv1PXkertw,

EBUI E 4w 1980 (AR DUE /N B ) GEITA) , Jb 3T« 3 55 B0 341, 2021 4R,

RHA 2021 AHUIE— IR HLES N7 SIR BB CHRB TS5 3 1,

AR 20242 ANMTIHK ChatGPT (Y1 LI 5 # R HEHUK 7 — MR A & BB ARIE F 4 1 Pkl 5
Bl2x, (i 5 U A )5 1 4,

AR 2024b  ChatGPT 45 KSR B i 5 A0 BEATL ) K HC 3108 2600 . C 1 [ 38 )56 4 3001
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Tests and discussions on whether large language models can understand
linguistic meanings from the perspective of three complex sentences:

Is it the case that ChatGPT is a stochastic parrot
YUAN Yulin

Abstract  This paper tests ChatGPT’s performance in understanding the semantic
meanings of three types of complex sentences: referential ambiguity sentences, garden-path
sentences, and recursive sentences, especially center-embedding recursive sentences, for an-
swering the following questions: Can modern large language models like ChatGPT truly un-
derstand the meaning of natural languages? Are they merely stochastic parrots that disregard
meaning? The paper finds that ChatGPT excels in understanding referential ambiguity sen-
tences and normal recursive structures but performs averagely in garden-path sentences. And
similar to humans, it struggles in confusion to understand center-embedding recursive struc-
tures. Based on these tests, the paper argues that while large language models like ChatGPT
can comprehend the linguistic meaning of sentences, they may not fully grasp the subtle
communicative and embodied meanings behind them. Finally, the paper looks ahead, sug-
gesting that linguistics study can make a unique contribution to the development of a new in-
telligent science that understands the multifaceted dimensions of meaning.

Keywords referential ambiguity sentences; garden-path sentences; recursive-embedded
sentences; ChatGPT; large language model (LLM); semantic understanding; linguistic

meaning; communicative meaning; embodied meaning
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